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Abstract

Probabilistic timed automata are an extension of timed automata with discrete probability
distributions, and can be used to model timed randomized protocols or fault-tolerant sys-
tems. We present symbolic model checking algorithms for probabilistic timed automata to
verify qualitative properties, corresponding to satisfaction with probability 0 or 1, as well
as quantitative properties, corresponding to satisfaction with arbitrary probability. The
algorithms operate on zones, that is, sets of valuations of the probabilistic timed automa-
ton’s clocks, and therefore avoid an explicit construction of the state space. Our method
considers only those system behaviours which guarantee the divergence of time with prob-
ability 1. The paper completes the symbolic framework for the verification of probabilistic
timed automata against full PTCTL. We formulate new algorithms that can return the
minimal probability with which a probabilistic timed automaton satisfies a property, thus
extending a previously published result concerning the maximum probability.

1 Introduction

Systems exhibiting both timed and probabilistic characteristics are widespread, in application
contexts as diverse as home entertainment, medical equipment and business infrastructures.
For example, timing constraints are often vital to the correctness of embedded digital technol-
ogy, whereas probability exhibits itself commonly in the form of statistical estimates regarding
the environment in which a system is embedded. Similarly, protocol designers often exploit
the combination of time and probability to design correct, efficient protocols, such as the
IEEE1394 FireWire root contention protocol. The diffusion of such systems has led to meth-
ods for obtaining formal correctness guarantees, for instance, adaptations of model checking
[CGP99]. Symbolic model checking refers to model-checking techniques in which implicit rep-
resentations — such as BDDs in the finite-state case [BCMT90] — are used to represent both
the transition relation of the system model and the state sets that are computed during the
execution of the model-checking algorithm.
In this paper, we consider the modelling formalism of probabilistic timed automata [KNSS02],

an extension of timed automata [AD94, HNSY94] with discrete probability distributions.
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Probabilistic timed automata have been shown as being suitable for the description of timed,
randomized protocols, such as the aforementioned FireWire protocol [KNS03], the backoff
strategy of the IEEE802.11 WLAN protocol [KNS02], and the link-local address selection
protocol of the IPv4 standard [KNPS03]. As a requirement specification language for proba-
bilistic timed automata we consider PTCTL (Probabilistic Timed Computation Tree Logic).
The logic PTCTL combines the probabilistic threshold operator of the probabilistic tem-
poral logic PCTL [HJ94] with the timing constraints of the timed temporal logic TCTL
[ACD93| [HNSY94], in order to express properties such as ‘with probability 0.99 or greater,
the system reaches a leader-elected state within 1 second’. Model checking of probabilistic
timed automata against PTCTL was shown to be decidable in [KNSS02] via an adaptation
of the classical region-graph construction [AD94, [ACD93].

Unfortunately, the region-graph construction (and the integer-time semantics employed
in [KNS03, [KNS02, KNPS03|) can result in huge state spaces if the maximal constant used
in the description of the automaton is large. Instead, the practical success of symbolic, zone-
based techniques for non-probabilistic timed automata [BDLT01, [DOTY96], suggests that a
similar symbolic approach may also be employed for the verification of probabilistic timed
automata. This hypothesis was answered affirmatively in [KNSOI] for a subset of PTCTL
with thresholds on maximal reachability probabilities. In this paper, we extend that result to
arbitrary PTCTL formulae. In particular, a zone-based method for verification of properties
which refer to the minimum probability of satisfaction is presented for the first time.

The technical contribution of this paper is the introduction of zone-based algorithms, both
for the verification of qualitative PTCTL formulae, which refer to probabilistic thresholds 0
and 1 only, and quantitative PTCTL formulae, which feature thresholds on arbitrary proba-
bilities. Note that the qualitative algorithms do not refer to exact transition probabilities, and
therefore avoid potentially expensive computation of probabilities during the model-checking
process.

We first consider the subset of PTCTL which requires the computation of maximal prob-
abilities. For qualitative formulae, we show that model checking can be performed using ana-
logues from the verification of finite-state probabilistic systems [dA97], while, in the quantita-
tive case, we show that the previously published zone-based approach for calculating maximal
probabilities [KNSO1] can be employed. The quantitative algorithm works by constructing a
finite-state system which has sufficient information to compute the maximum probability of
interest using well-established finite-state model checking methods [BdA95].

Secondly, we consider algorithms for the subset of PTCTL which requires the computation
of minimum reachability probabilities, a task which is more involved than computing maxi-
mum probabilities. For example, to compute the minimum probability of reaching a certain
state set F', for any state other than those in F', the probabilistic timed automaton could
exhibit behaviour in which the amount of time elapsed converges before F' is reached, or even
in which no time elapses at all. Clearly, such behaviours are pathological, and should be dis-
regarded during model checking. We present both qualitative and quantitative algorithms for
computing minimum reachability probabilities which consider only time-divergent behaviour,
based on the non-probabilistic precedent of [HNSY94]. The algorithms are based on comput-
ing maximum probabilities for the dual formula while restricting attention to time-divergent
behaviours.

Finally, again following the precedent of [HNSY94], we present an algorithm to check that
a probabilistic timed automaton does not contain a state in which it is impossible for time to
diverge with probability 1. The presence of such a state constitutes a modelling error, and



would invalidate the correctness of our model checking procedure.

2 Preliminaries

2.1 Distributions and Probabilistic Systems

A (discrete probability) distribution over a finite set @) is a function p : @ — [0, 1] such that
quQ w(q) = 1. Let support(p) be the subset of @ such that ¢ € support(i) if and only if
u(q) > 0. For a possibly uncountable set Q’, let Dist(Q’) be the set of distributions over finite
subsets of @'. For any g € @, the point distribution j,; denotes the distribution which assigns
probability 1 to q.

2.2 Discrete Time Markov Chains
Definition 1 A DTMC is a tuple DTMC = (S, P, L) where:

e S is a finite set of states;

e P:5xS —[0,1] is a transition probability matrix, such that: 3, qP(s,s") =1 for
all states s € S;

o L£:5 — 247 is g labelling function assigning atomic propositions to states.

Each element P(s,s’) of the transition probability matrix gives the probability of making a
transition from state s to state s’. An execution of a DTMC is represented by a path w, that
is, a non-empty sequence of states sps1Sz... where s; € S and P(s;, s;41) > 0 for all i > 0.
We denote by w(i) the ith state of a path w, |w| the length of w and if w is finite, the last
state by last(w). We say that a finite path wg, of length n is a prefiz of an infinite path w if
whin (i) = w(i) for 0 < i < n. The sets of all finite and infinite paths starting in state s are
denoted Pathys,(s) and Pathg,(s), respectively.

In reason about the probabilistic behaviour of the DTMC, we need to determine the
probability that certain paths are taken. This is achieved by defining, for each state s € S, a
probability measure Probs over Path,(s). Below, we give an outline of this construction. For
further details, see [KSK76]. The probability measure is induced by the transition probability
matrix P as follows. First, for any finite path wg, € Pathgy,(s), we define the probability

P (wfin):

def

» 1 ifn=0
Ps(wpin) = { P(wfin(0),wfin(1)) - - - P(wfin(n — 1), wpn(n)) otherwise

where n = |wgy|. Next, we define the cylinder of a finite path wgy, as:
C(whin) Ewe Pathg,(s) |wfin is a prefix of w},

and let ¥g be the smallest o-algebra on Pathy,(s) which contains the cylinders C(wfy,) for
Whn € Pathgn(s)} and set Probs on 3, to be the unique measure such that

Probs(C(wfn)) = Ps(wpn) for all wgy, € Pathgy(s).



2.3 Probabilistic Systems

We next recall probabilistic systems which are essentially equivalent to Markov decision pro-
cesses [Der70] and probabilistic-nondeterministic systems [BAdA95].

Definition 2 A probabilistic system, PS, is a tuple (S, Steps, L) where
e S is a set of states;
e Steps C S x Dist(S) is a probabilistic transition relation;
o L: S — 247 is g labelling function assigning atomic propositions to states.

A probabilistic transition s £ §' is made from a state s by nondeterministically selecting a
distribution p € Dist(S) such that (s,u) € Steps, and then making a probabilistic choice of
target state s’ according to p, such that p(s’)>0.

We consider two ways in which a probabilistic system’s computation may be represented.
A path, representing a particular resolution of both nondeterminism and probability, is a
non-empty sequence of transitions:

w:SOu—O>81M—1>82H—2>"'
We use the same notation for paths as presented in Section[2.2] in particular, the set of infinite
(respectively, finite) paths starting in the state s are denoted by Pathg,(s) (respectively,
Path g (s)).

In contrast to a path, an adversary represents a particular resolution of nondeterminism
only. Formally, an adversary A is a function mapping every finite path wfn to a distribution
p such that (last(wpn),p) € Steps. For any adversary A and state s, we let Path}il(s)
(respectively, Pathﬁn(s)) denotes the subset of Pathg,(s) (respectively, Pathgy(s)) which
corresponds to A and, using classical techniques [KSKT76|, we can define the probability
measure Prob? over Pathﬁl(s).

For a given adversary A and finite path w, we define a new adversary A, as follows:

Au(w) Alw & ") if ' is of the form last(w) 2 w”
© A(W) otherwise.

Whenever possible, the adversary A, acts essentially as A assuming that the path w has
already taken place.

For a probabilistic system PS = (S, Steps, £) and state s € S, under a given adversary A,
the behaviour from state s can be described with the infinite-state DTMC DTMC# = (54, P4)
where: S4 = Pathg,(s) and for two finite paths wpy, Wy, € A

A(wﬁn) /

A Iy s') if . is of the form wg, ——— s’ and A(w) =
P (wﬁmwﬁn) { M(O) othglwise " =

There is a one-to-one correspondence between the paths of DTMC# and the set of paths
Pathﬁl(s), and hence using the construction given in Section we can define a probability

measure P’mb;4 over Path]‘%l(s).



For a probabilistic system PS = (S, Steps, L), state s € S, set F' C S of target states, and
adversary A € Advps, let:

ProbReach™ (s, F) < Prob®{w € Pathﬁl(s) |3i e N.w(i) € F},
then the maximal reachability probabilities of reaching the set of states F' from s is defined as:

MazProbReach(s, F) = sup ProbReach™(s, F).
A€ Advps

2.4 Timed Probabilistic Systems

We now introduce timed probabilistic systems, an extension of probabilistic systems and a
variant of Segala’s probabilistic timed automata [Seg95].

Definition 3 A timed probabilistic system, TPS, is a tuple (S, Steps, L) where:
e S is a set of states;

e Steps C SxRxDist(S) is a timed probabilistic transition relation, such that, if (s,t, ) €
Steps and t>0, then p is a point distribution;

o L:S— 247 is g labelling function.

The component t of a tuple (s, t, u) is called a duration. As for probabilistic systems, we can
introduce paths and adversaries for timed probabilistic systems, except transitions are now
labelled by duration-distribution pairs and an adversary maps each finite path to a duration-
distribution pair.

We restrict attention to time-divergent adversaries; a common restriction imposed in real-
time systems so that unrealisable behaviour (i.e. corresponding to time not advancing beyond
a bound) is disregarded during analysis. For any path

to, 10 t1,p1 to,u2
81 82 DY

W = S

of a timed probabilistic system, the duration up to the n+1th state of w, denoted D, (n+1),
equals > 7" ¢;, and we say that a path w is divergent if for any ¢ € R, there exists j € N such
that D, (j)>t.

Definition 4 An adversary A of a timed probabilistic system TPS is divergent if and only if
for each state s of TPS the probability under P?"ob;4 of the divergent paths of Path]‘%l(s) s 1.
Let Advtps be the set of divergent adversaries of TPS.

For motivation on why we consider probabilistic divergence, as opposed to the stronger notion
where an adversary is divergent if and only if all its paths are divergent, see [KNSS02]. A
restriction we impose on probabilistic timed systems is that of non-zenoness, which stipulates
that there does not exist a state from which time cannot diverge, as we consider this situation
to be a modelling error.

Definition 5 A probabilistic timed system is non-zeno if and only if there exists a divergent
adversary.



3 Probabilistic Timed Automata

In this section we review the definition of probabilistic timed automata [KNSS02], a modelling
framework for real-time systems exhibiting both nondeterministic and stochastic behaviour.
The formalism is derived from classical timed automata [AD94, HNSY94] extended with
discrete probability distributions over edges.

3.1 Clocks and Zones

Let X be a finite set of variables called clocks which take values from the time domain R
(non-negative reals). A point v € RI*l is referred to as a clock valuation. For any clock
x € X, we use v(x) to denote the projection of v on the z-axis. For any v € RI* and t € R,
we use v+t to denote the clock valuation defined as v(z)+t for all x € X. We use v[X:=0] to
denote the clock valuation obtained from v by resetting all of the clocks in X C X to 0, and
leaving the values of all other clocks unchanged.

The set of zones of X, written Zones(X), is defined inductively by the syntax:

Ci=zx<dle<z|z+e<y+d|~C|¢VE

where z,y € X and ¢,d € N. We only consider canonical zones ensuring equality between
their syntactic and semantic (subsets of RI*!) representations. This enables us to use the
above syntax interchangeably with set-theoretic operations.

The clock valuation v satisfies the zone {, written vi>(, if and only if  resolves to true after
substituting each clock € X with the corresponding clock value v(z) from v. We require
the following classical operations on zones [HNSY94! [Tri98]. For any zones ¢, (" € Zones(X)
and subset of clocks X C X, let:

def

o ¢ (w]F=0.(v+tp¢ AV <t (vt B¢V )}
(X :=0]¢ = {v|v[X:=0]>C}
([X:=0 = {v[X:=0]|vec(}.

3.2 Syntax and Semantics of Probabilistic Timed Automata
Definition 6 A probabilistic timed automaton is a tuple (L, X, inv, prob, L) where:
e L is a finite set of locations;
e the function inv : L — Zones(X) is the invariant condition;
e the finite set prob C L x Zones(X) x Dist(2¥ x L) is the probabilistic edge relation;

o L: L — 247 js q labelling function assigning atomic propositions to locations.

A state of a probabilistic timed automaton PTA is a pair (I,v) € L x RI*¥l such that v inv(1).
Informally, the behaviour of a probabilistic timed automaton can be understood as follows.
In any state (I, v), there is a nondeterministic choice of either (1) making a discrete transition
or (2) letting time pass. In case (1), a discrete transition can be made according to any
(I,9,p) € prob with source location [ which is enabled; that is, zone g is satisfied by the
current clock valuation v. Then the probability of moving to the location I’ and resetting all



Figure 1: A probabilistic timed automaton modelling a probabilistic protocol.

of the clocks in X to 0 is given by p(X,!’). In case (2), the option of letting time pass is
available only if the invariant condition inv(l) is satisfied while time elapses.

An edge e of PTA is a tuple of the form (I,g,p, X,l') such that (I,g,p) € prob and
p(X,1")>0. Let edges denote the set of edges and edges(l, g, p) the set of edges corresponding

to (1,g9,p) € probd.

Example. Consider the PTA modelling a simple probabilistic communication protocol given
in Figure |1l The nodes represent the locations: di (sender has data, receiver idle); si (sender
sent data, receiver idle); and sr (sender sent data, receiver received). The automaton starts in
location di in which data has been received by the sender. After between 1 and 2 time units,
the protocol makes a transition either to sr with probability 0.9 (data received), or to si with
probability 0.1 (data lost). In si after 2 to 3 time units, the protocol will attempt to resend
the data, which again can be lost, this time with probability 0.05.

We now give the semantics of probabilistic timed automata defined in terms of timed proba-
bilistic systems.

Definition 7 Let PTA = (L, X, inv, prob, L) be a probabilistic timed automaton. The seman-
tics of PTA is defined as the timed probabilistic system TPSpta = (S, Steps, L") where:

e SC L xR and (1,v) € S if and only if v inv(l);
o ((l,v),t,u) € Steps if and only if one of the following conditions holds

time transitions: >0, u=ji 44 and v+t > inv(l) for all 0<t'<t

discrete transitions: t=0 and there exists (I, g,p) € prob such that v g and for any
(I',0") e S:
pl'o)y=" Y pX,0);
XCX&
v =v[X:=0]
o L/(I,v) = L(l) for any (I,v) € S.

We say that PTA is non-zeno if and only if TPSpta is non-zeno.



3.3 Probabilistic Timed Computation Tree Logic (PTCTL)

We now describe the probabilistic timed logic PTCTL which can be used to specify properties
of probabilistic timed automata. PTCTL is a combination of two extensions of the tempo-
ral logic CTL, the timed logic TCTL [ACD93, [HNSY94] and the probabilistic logic PCTL
[HJ94]. The logic TCTL employs a set of formula clocks, Z, disjoint from the clocks X of
the probabilistic timed automaton. Formula clocks are assigned values by a formula clock
valuation € € RIZ!. The logic TCTL can express timing constraints and includes the reset
quantifier z.¢, used to reset the formula clock z so that ¢ is evaluated from a state at which
z = 0. PTCTL is obtained by enhancing TCTL with the probabilistic quantifier P.[-].

Definition 8 The syntax of PTCTL is defined as follows:

pu=a || ¢ |oVe|zo|PuloUd
where a € AP, € Zones(X UZ), z€ Z, ~e{<,<,>,2} and X € [0,1].

In PTCTL we can express properties such as ‘with probability at least 0.95, the system
clock = does not exceed 3 before 8 time units elapse’, which is represented as the formula
Z.P>0.95[($§3) Uu (Z:8)].

We write v, £ to denote the composite clock valuation in RI¥YZl obtained from v € RI¥|
and £ € RIZ|. Given a state and formula clock valuation pair (I,v), &, zone ¢ and duration ¢,
by abuse of notation we let (I,v),& > ¢ denote v,E > ¢, and (I,v)+t denote (I, v+t).

Definition 9 Let TPS = (S, Steps, L') be the timed probabilistic system associated with the
probabilistic timed automaton PTA. For any state s € S, formula clock valuation £ € RIZ!
and PTCTL formula 0, the satisfaction relation s,E |= 0 is defined inductively as follows:

s, FEa & ae/ll(s)

s,EEC & s5,E>C

s,EEoVY & s, EEpors,EEY

s, & E ¢ & s, EHEP

s, & E 2. & 5,8z:=0F¢

5, E =Pl U] & ple(dpU ) ~ X for all A € Advtps

where psAf(gb Uyp) = Probf{w € Path}il(s) |w, € = ¢ U Y} for any A € Advtps, and, for
any path w € Pathyg,(s), we have that w,€ |= ¢ U if and only if there exists i € N and
t < Dy(i+1)—Dy (i) such that

o W) H EADL()H =
o ift' <t, then w(i)+t',E+D,(i)+t' = PV 1h;
o if j<iandt <Dy,(j+1)—D,(j), then w(j)+t',E+Dy,(j)+t' |E ¢V 1.

In the following sections we will also consider the dual of the sub-formula ¢ U 1, namely the
release formula —¢ V —, where for any formulae ¢, v, path w and formula clock evaluation
E:w,EE ¢V ifand only if for all i € N and t < D, (i+1)—D, (i), if

o w(i)+t',E+D,(i)+t' = ¢ AN for all t’ < t and

o w(j)+t',E+D,(j)+t' oA for all t’ < Dy, (j+1)—Dy(j) and j < 1,



then w(i)+t, E+D, (i) +t = 1.

Furthermore, we use use the abbreviation O¢ for the formula false V ¢, that is, w, € |=
O if and only if w(i)+t,E+D,(i)+t = 9 for all i € N and ¢ < D, (i+1)—D, (). In the
standard manner, we refer to ¢ U ¥, ¢ V 1 and OvY as path formulae.

We now present a number of lemmas concerning PTCTL that we will require in the
remainder of the paper.

Lemma 10 Let PTA be a timed probabilistic automaton, TPS = (S, Steps, L) be the corre-
sponding timed probabilistic system and ¢, 11 and Yo PTCTL formulae. If s,E |= 11 implies
5,E |= 1y for all state and formula clock valuation pairs s,€ € S x RZ, then for any state
and formula clock valuation pair s,E € S x RZ :

o 5, & |FP<y[o U o] implies s,E = P<y[o U ¢,

o 5, =z implies s,E = z.a)y.
Proof. The proof follows from the semantics of PTCTL (see Definition E[) O

Lemma 11 Let PTA be a probabilistic timed automata, PS = (S, Steps, L') be the correspond-
ing timed probabilistic system and ¢ and ¢ are PTCTL formulae. If s,E |= 1 implies s,E = ¢
for all state and formula clock valuation pairs s,E € S x RIZ|, then for any (infinite) path w
of TPS and formula clock valuation & :

w,EEQUY if and only if w,EE - U —p.

Proof. Let PTA be a probabilistic timed automaton, TPS = (S, Steps, L") be the correspond-
ing timed probabilistic system and ¢ and ) be PTCTL formulae such that s,& = v implies
s,& = ¢ for all state and formula clock valuation pairs s, € S X RIZI. For the ‘if” direction,
consider any infinite path of TPS and formula clock valuation & such that w,€ = ¢ U 1. By
Definition [9] there exists an ¢ > 0 and ¢ < Dy, (i+1)—D,, (i) such that:

o w(i)+t,E4+D,(1)+t = ;
o if ¢/ <t, then w(i)+t',E4+Dy(i)+t = ¢V ;
o if j <iand ' < Dy,(j+1)—D,(j), then w(j)+t',E + Dy, (j)+t' E & V.

Therefore, using the fact that s,& = 1 implies s,& = ¢ for all 5,€ € S x RIZl, there exists
an ¢ > 0 and ¢t < D, (i+1)—D, (i) such that:

o w(i)+t,E4+Dy,(1)+t = 1 V
o if ¢ < t, then w(i)+t', E4+D,(1)+t' E s
e if j <iandt' < D,(j+1)—Dy(j), then w(j)+t',E + Dy,(j)+t' FE —o.

and hence w, & = =) U —¢. Since this was for any path w of TPS the ‘if’ direction holds.
The ‘only if’ direction follows similarly, using the identity ——f# = 6 and since, from the
hypothesis, s, £ = —¢ implies s, & = —) for all 5,€ € S x RIZl. O

The lemma below use the measure construction for probabilistic systems given in Section
and recall that, the states of the DTMC corresponding to an adversary A and state s are the
finite paths of A that start in state s. Furthermore, it follows from this construction that a
finite path (state in the DTMC) satisfies a formula when the last state of the path satisfies
the formula.



Lemma 12 Let PTA be a probabilistic timed automaton and TPS = (S, Steps, L") be the
corresponding timed probabilistic system. For any PTCTL formulae ¢ and v, adversary
A € Advtps and state and formula clock valuation pair s,€ € S x RIZl:

ple(® U (¢ A1) VL (D(=dAY))) = pie(dp V )

where for any w, & € Path]‘f;‘n(s) x EIZ1 .

w, € | pS1(D(=¢AY)) if and only if Pl £(O(-OAY)) = 1.

Proof. Consider any probabilistic timed automata PTA with associated timed probabilistic
system TPS = (S, Steps, L), adversary A € Advtps and PTCTL formulae ¢ and 1. First,
for any finite path w of Pathﬁn and formula clock valuation &, if w, & = pél(D(—'gbmb)), then

W', € = O(=¢A) for all (infinite) paths o' € Pathﬁ“;(last(w)). Therefore, for any finite path

w of Pathﬁn and formula clock valuation &:
w, & € pLi(D(-¢AY)) = W', E W ~¢ U~ for allw' € Pathpys (last(w))). (1)
Now by Definition @ for any (infinite) path w’ of TPS and formula clock valuation £ € RIZl:
W EE YU & W EE (V) U Y
& WL E (o V) A (OeAy)) U~y by (@).

Therefore, by the duality ¢ U 1» = —(—¢ V —1)) and the definition of A, (sse Section , it
follows that for any state and formula clock valuation pair s, & € S x RIZ!:

plelo V) = 1—pite((m¢V ) A ~pd; (O(~pAY))) U )
= 1—pite(=((¢ A1) V pE1(D(=pAY))) U ) (2)
where the last step follows from the following derivation:
(= Vv =) A=pS (O(=pAY)) = (=(d A) A=pS (D(=pAY)))
= (¢ AY) VpE(D(=pAY))).

Finally, since for any finite path w and formula clock valuation £ we have w, & = =) implies
w, & E((pN) \/pgl(D(ﬂ(ﬁ/\w))), applying Lemmato we have that for any state and
formula clock valuation pair s, & € S x RIZl:

pleld V)= 1= (1—ple( U (¢ A1) VL (O(=oAY))))
= pie(@ U (6 AY)V pE(D(=pAD)))

as required. 0

10



algorithm PTCTLModelCheck(PTA,0)

output: set of symbolic states [f] such that
a] :={(l,inv(l))|l € L and | € L(a)};

[ == A inv() NO) [ € L};
o] :==A{{, inv() A=V ¢)erer O 11 € L}
oV Y] = [ol v [¥];
2.0] == {({, [{z}:=010) | (1, O) € [#]};
Peale U )] := Until([], [], ~ A);

J

[
[€
[
[
[
[

Figure 2: Symbolic PTCTL model checking algorithm

4 Symbolic PTCTL Model Checking

In this section, we show how a probabilistic timed automaton may be model checked against
PTCTL formulae. In order to represent the state sets computed during the model checking
process, we use the concept of symbolic state: a symbolic state is a pair (I,() comprising a
location and a zone over XUZ. The set of state and formula clock valuation pairs corre-
sponding to a symbolic state (1,¢) is {(l,v),€|v,E > ¢}, while the state set corresponding
to a set of symbolic states is the union of those corresponding to each individual symbolic
state. In the manner standard for model checking, we progress up the parse tree of a PTCTL
formula, from the leaves to the root, recursively calling the algorithm PTCTLModelCheck,
shown in Figure 2| to compute the set of symbolic states which satisfy each subformula. Han-
dling observables and Boolean operations is classical, and we therefore reduce our problem
to computing Until([¢1], [¢2], ~\), which arises when we check probabilistically quantified
formula.

Our technique depends on the following, which is a direct consequence of the semantics
of PTCTL (Definition [9):

el mpapuny = { DEEEGUY A HoE o9

where for any PTCTL path formula ¢:

max

def
PPE(P) = SUD A Adurps Pag(®) and  p

mm(SD) = Inf Ac Advrps pés(‘ﬁ) :
We begin by introducing operations on symbolic states. In Section we review algorithms
for calculating maximum probabilities, while in Section we present new algorithms for
calculating minimum probabilities. In each case we include specialised algorithms for qual-
itative formulae (A € {0,1}), as, for such formulae, verification can be performed through
only an analysis of the underlying graph [HSP83| [Pnu83|. Then in Section we show how
to ensure that the probabilistic timed automaton is non-zeno and, finally, in Section we
apply our approach to the example given in Figure

Note that the cases Pxo[-] and P[] are trivially satisfied by all states, while the cases
Poo[-] and P=1[-] are trivially not satisfied by any state, and therefore we omit these cases in
our analysis.
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algorithm preQ(V)

Y := [false]
for e € edges
Y :=Y Vdpre(e,V)
end
return Y

algorithm prel(U, V)

Y := [false]
for (I,g,p) € prob
Yo := [true]
Y, := [false]
for e € edges(l, g,p)
Yo := dpre(e,U) A Yy
Y; :=dpre(e,V) V Yy
end

Y:= (Yo/\Yl)\/Y
end
return Y

Figure 3: The functions pre0 and prel

4.1 Operations on Symbolic States

In this section we extend the time predecessor and discrete predecessor functions tpre and
dpre of [HNSY94, [Tri9§|] to probabilistic timed automata. For any sets of symbolic states
U,V C LxZones(XUZ), clock x € X U Z and edge (I, g,p, X,l'):

zU = {( {ak=0)ch) |l € L}
tereg (V) = {(L Agninoqy (G0 A inw (D) [ 1€ L}
dpre((L,g,p, X, 1'),0) = {(Lg A (X :=0]¢§))} -

where ¢§ = \/{¢|(I,¢) € U}, i.e ¢ is the zone such that v,& > ¢ if and only if (I,v),€ € u
for some u € U. Furthermore, we define the conjunction and disjunction of sets of symbolic
states as follows:

UAVE (LG AC) e} and UVVE (LG v )|l e L},
Finally, let [false] = @ and [true] = {(I,inv(l)) |l € L}, the sets of symbolic states repre-
senting the empty and full state sets respectively.

4.2 Computing Maximum Probabilities

In this section we review the methods for calculating the set of states satisfying a formula of
the form P<,[¢ U 1] which, from , reduces to the computation of p?}?"@ U 1) for all state
and formula clock valuation pairs s,£. Note that, since we consider only non-zeno automata,
when calculating these sets we can ignore the restriction to divergent adversaries. This is
similar to verifying the same type of properties against (finite state) probabilistic systems
with fairness constraints [BK98| and verifying (non-probabilistic) non-zeno timed automata
against formulae of the form ¢ U ) (‘there exists a divergent path which satisfies ¢ U 1)”)
[HNSY94].
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algorithm MaxU>,(U,V)

algorithm MaxU-(U, V) Zo = [true]
repeat
Yo = Zo
Z:= |fal
[fatse] Z; := [false]
repeat repoat
Y: =2
Y, =74

Z:=VV (UApred(Y))

7 =7V tpreuvv(Y) Z1 :=VV (U A prel(Yo,Yl))

Zl = Zl V tpl’erv(Yo A Yl)

until Z =Y .
return 7 until Z; =Y,
Zo = Zl
until Zo = Yo
return Z,

Figure 4: MaxU-o and MaxU>; algorithms

We first recall the results for computing maximum qualitative probabilities of finite state
probabilistic systems, which requires the introduction of the following functions. For a prob-
abilistic system PS = (S, Steps, L) and X,Y C S let:

preg(X) = {s € S|3(s,p)eSteps. Is'€X.p(s')>0}
pre; (Y, X) = {s € S|3(s,p)ESteps. (Vs'€S. (p(s')>0 — s'€Y) AIs'€X. p(s')>0)} .

Intuitively, s € prey(X) if one can go from s to X with positive probability and s € pre; (Y, X)
if one can go from s to X with positive probability and with probability 1 reach Y. Using
these functions we have the following propositiodﬂ

Proposition 13 [dA97] If PS = (S, Steps, L) is a finite state probabilistic system and ¢,
are PCTL formulae, then

o {s€S|pM*(p U ¢)>0} equals the fizpoint pX.(v V (¢ A preg(X)));
o {se€S|pI™(pU1p)=1} equals the double fizpoint vY.uX.(v V (¢ A pre (Y, X))).

We adapt this approach to probabilistic timed automata. First, using the function dpre, the
analogues of prey and pre; for the discrete transitions of a PTA are given in Figure It
therefore remains to consider the time transitions of a PTA. For such transitions, we must
take into account the state and formula clock valuation pairs that are passed through as
time elapses. More precisely, for PTCTL, when using the time predecessor function we must
ensure that we remain in the set of symbolic states satisfying ¢V, that is, take the time
predecessor tpre[[¢]v[[1p]](‘)- Following this observation, Figure 4| presents the algorithms for
computing {s, & [ple*(¢ U ¥)>0} and {s, & | ple* (¢ U ) >1}.

In the case of éomputing quantitative maximum probabilities we use the approach de-
scribed in [KNSOI]. The algorithm is given in Figure The key observation is that to

'See [BAAY5] for the definitions of PCTL, p2®*(¢ U 1)) and p™(¢ U ).
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preserve the probabilistic branching one must take the conjunctions of symbolic states gener-
ated by edges from the same distribution. Lines 1—4 deal with the initialisation of Z, which is
set equal to the set of time predecessors of V, and the set of edges E; 4 ) associated with each
probabilistic edge (I, g,p) € prob. Lines 5-20 generate a finite-state graph, the nodes of which
are symbolic states, obtained by iterating timed and discrete predecessor operations (line 8),
and taking conjunctions (lines 12-17). The edges of the graph are partitioned into the sets
Eqgp for (I,9,p) € prob, with the intuition that (z,(X,l'),2') € E 4, corresponds to a
transition from any state in z to some state in z’ when the outcome (X, 1) of the probabilistic
edge (I, g, p) is chosen. The graph edges are added in lines 11 and 15. The termination of lines
5-20 is guaranteed (see [KNSOI1]). Line 21 describes the manner in which the probabilistic
edges of the probabilistic timed automaton are used in combination with the computed edge
sets to construct the probabilistic transition relation Steps. Finally, in line 22, model check-
ing is performed on the resulting finite-state probabilistic system PS to obtain the maximum
probability of reaching tprey, (V) for each z € Z. Note that we write z # @ if and only if z
encodes at least one state and formula clock valuation pair. The following proposition states
the correctness of this algorithm.

Proposition 14 For any probabilistic timed automaton PTA, corresponding timed probabilis-
tic system TPS = (S, Steps, L") and PTCTL formula P<y[¢ U 1], if PS = (Z, Steps) is the
probabilistic system generated by MaxU([¢], [+], > A) then for any 5,€ € S x RIZl:

° pg’lgx(gb U )>0 if and only if s,E € tpre[[d,vw]](z);

o if pIE (¢ U Y)>0, then pg*(¢ U 1) equals

max {MawProbReach(z,tprewvw]} [¥]) |z€Z and s,& € tpreﬂ¢vwﬂ(z)} :

Proof. See Appendix [A] 0
Combining the above results we set Until([8], [], < A) equal to:

o [true] \ MaxUso([¢], [¥]) if S=< and A = 0;

o [true] \ MaxUs1([¢], [¥]) if <=< and A = 1;

o [true] \ MaxU([¢], [¢], Z \) otherwise.

As in the case of finite state probabilistic model checking, we can use the qualitative algorithms
as precomputation algorithms when computing quantitative probabilities. In particular, we
can set Until([#], [¢], < ), for A € (0,1), equal to:

[true] \ MaxU(MaxUo([¢], [¢/]) \ MaxU1([], [¥]), MaxU1([¢], [¥]), Z A) -

4.3 Computing Minimum Probabilities
We now consider the problem of verifying formulae of the form P>, [¢ U 1] which, using ,

reduces to computing p™ (¢ U 1) for all state and formula clock valuation pairs s,&. As
in the cases for (non-probabilistic) timed automata and (finite-state) probabilistic systems
with fairness constraints, when considering properties which have universal quantification

over paths/adversaries the standard algorithm can no longer be applied. For example, for

14



algorithm MaxU(U,V, 2> X)

Z := tprey,y (V)
for (I,g,p) € prob

forye YA (l,9,p) € probAe=(l,g,p, X,l') € edges(l, g, p)
z := U Adpre(e, tprey,y(y))
if (z # @) A (z & tpregyy(V))
10. Z:=2U{z}

© 0N oA WD
=
o}
o
@
@
-+

11. Eqgp) = Eggp U{(z (X,1),7)}

12. for (Z (Xl) )EE( p)

13, i (272 % 0) A ((X,0) # (X,1) A (2 A Z € tpregy(V))

14. Z:=2U{z Az}

15. Eqgp = Eugp U{(zA2,(X,1'),3),(zN2Z,(X,1'),y)}

16. end if

17. end for

18. end if

19. end for

20. untilZ=Y

21. construct PS = (Z, Steps) where (z,p) € Steps if and only if
there exists (I,g,p) € prob and E C E( 4,p) such that

o (Z,e,2))eFE = Z =z
o (z,e,2/) # (z,¢/,2) e B = e#¢
e I/ is maximal
p(z’) = Z{|p(X7 l,) | (z, (X, l,), z/) €E |} vz' €2
22. return \/{tprey,y(z) |z € Z A MazProbReach(z, tprey,y(V)) 2 A}

Figure 5: Algorithm MaxUntil(-,-, 2> \)

any formula clock z € Z, under divergent adversaries the minimum probability of reaching
z>1 is 1; however, if we remove the restriction to time divergent adversaries the minimum
probability is 0.

The techniques we introduce here are based on those for non-probabilistic timed automata
[HNSY94], which we now recall. In [HNSY94], it is shown that verifying ¢ Vi ¢ (‘all divergent
paths satisfy ¢ U ) reduces to computing the fixpoint:

pX (Vv =z.((=X) U (=(oV X))V (2>0))) (4)

for any ¢ € N greater than 0. The important point is that the universal quantification over
paths has been replaced by a existential quantification, allowing one to ignore the restriction
to time divergence in the verification procedure.

For the analysis of probabilistic timed automata it is convenient to consider, instead of
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until, the dual, release, formula ¢ 3V ¢ (‘there exists a divergent path satisfying ¢ V ).
Using , it follows that verifying the formula ¢ 3V i can be performed by computing the
fixpoint:

vX. (Y Az(X FU(pNX)V (2>0)))). (5)

Now, from the semantics of PTCTL and the duality ¢ U ¢ = =(—=¢ V —)), we have, for any
state s of TPSpta and formula clock valuation &£:

PR oUY) = inf  ple(=(-0 V )

A€ Advtps ’

A6114%UTP5 psg( ¢ ¢)

= 1- sup - Ps 5(_'¢ vV _"(b)
A€ AdvTps

= 1=p5g" (e V ).

Therefore, to verify P>,[¢ U 1], it suffices to calculate pee (=g V —p) for all state and for-
mula clock valuation pairs. In the case when A\=1, by replacmg the 3 operator with =P.q[]
in , we arrive at the following proposition.

Proposition 15 For any positive ¢ € N and PTCTL formulae ¢,%, if = € Z does not
appear in either ¢ or 1, then the set {s,& \pmax(gb V ) =1} is given by the fixpoint vX. (1 A
2Pl X U (X A @)V z>c)]).

Proof. Consider any positive ¢ € N, PTCTL formulae ¢, 1, and z € Z such that z does not
appear in either ¢ or . To ease notation we let:

PR (@ V ) ={s,€|pi&* (¢ V ¥) > 1},
and prove the proposition by showing:
L. the set p2*(¢ V ¢) is a fixpoint of G1(, ¢);
2. if G1(Y,c) =Y, then Y C pLi¥ (¢ V v)

S x RIZI
S x RIZI.

where G1(X,c) = Y A z.=Pi[X U ((X A @) V z>c)]. First, since, for any X
X D [z.2PalX U (X AN¢)V z>c)]] it follows that: X DO G1(X,¢) for all X
Therefore, to prove that p2i*(¢ V ¢) is a fixpoint it is sufficient to show that:

NN

Gi(PE (¢ V ¥),c) 2951 (0 V ¥).
Now, by definition of ¢ V 1 (see Section we have that:

e For any 5,£ € S xRIZl if 5, = p A1), then w,E = ¢ V 1 for all paths w € Paths,(s),
and hence s, & |= ¢ A9 implies s, & € pLi*(¢ V ¢). It follows that s,& = (¢ A1) V z>e
implies s,& = (pgl‘i”‘(qﬁ V) A¢)V z>c and therefore, using Lemma for any s,& €
S x RIZI:

5,€ 2P [PENO V) U (DA W)V 2>0)]
= 5,8 | 2Pat [PEX0 V) U (15556 V ) A )V 2>0) ] (6)
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e Forany s,£ € SxRIZl and w € Pathgy(s), if w,€ = ¢ V 1, then s, € = 1), and hence:
5, EE€EPIT(PVY) = s,E Y. (7)

e As the satisfaction of PTCTL is with respect to divergent adversaries, for any s,€ €
max

p2i*(¢ V ¢), there exists an adversary A such that, from s,& with probability 1, one

remains in p3i*(¢ V ¢) until either a state satisfying ¢ A 1) is reached or more than

c time units pass. Therefore, since the clock z does not appear in ¢ or 1, for any
s, €€ S xRIZL

5, £ €PS (0 V) = 5,Ez:=0lF P [P (@ V) U ((9AY)V2>c)] . (8)
By definition of Gi:

G121 (0 V ¥).0) =y Az~Par P21 (0 V) U (9 APEI (9 V ¢)) V 2>) |

D YA zP [PE (O V) U (9 A1)V z>c)] by ()
2 YAPST (P V ) by and Definition [9]
= P2 (e V) by

and hence p2i*(¢ V ¢) is a fixpoint of G1(X, c).

To complete the proof it remains to show that, if G1(Y,c) =Y, then Y C p2i*(¢ V ¢)
which we prove by contradiction. Therefore, suppose that there exists a of states Y such that
G1(Y,c) =Y and p2i*(¢ V o) C Y. Now for any 5,€ € Y \ p2i*(¢ V ¢), and adversary A,
under A starting from s, & the probability of satisfying ¢ V 1/1 is less than 1, and therefore
the probability of satisfying the dual formula —¢ U — is greater than 0. It then follows that
there exists a path w € Path]‘%l(s) such that w,& = —¢ U —), and since z does not appear
in either ¢ or ¥, w, [z := 0] | —¢ U —p. Hence, there exists some duration t4 such that at
some point along this path =t A (z = t4) is true and at all preceding points =¢ V =) is true.

However, since s,€ € Y, and therefore s,& € G1(Y,c) it follows that there exists an
adversary such that with probability 1 from s, [z := 0] one remains in Y while z < ¢ unless
a state in Y which satisfies ¢ is reached. Since the above holds for any s',£’ € Y and z does
not appear in ¢ or 1, iterating the above result, we have that for any n € N we can construct
an adversary A’ such that, for any n € N, under A’ from s, £ one remains in Y while z < n-c
unless a state in Y which satisfies ¢ is reached. Furthermore, since Y = G1(Y,¢) it follows
that Y C 4, and hence under A’, for any n € N, with probability 1, from s, one remains
in states satisfying 1 while z < n - ¢ unless a state satisfying ¢ A ¢ is reached. From above,
there exists some duration ¢4 and path o' € Pathﬁ:l(s) such that at some point along this
path =9 A (z = t4) is true and at all preceding points —¢ V =) is true. However, considering
any n such that n-c¢ > t4 (which exists since ¢ > 0) leads to a contradiction. O

The algorithm for calculating the set {s,&[p{¢*(¢ V 1)>1} follows from Proposition
and is given in Figure [6] Note that we cannot use the same approach for calculating the set
{s,&[p5e*(¢ V ¥)>0}, ie. in (5) replace 3 with =Po[-]. This is because the greatest fixpoint
in this case yields the set of state and formula clock valuation pairs for which, under some
divergent adversary, there exists a path which satisfies ¢ V ¢, which does not imply that the
probability of satisfying ¢ V 1 is greater than zero.

Instead, we employ the following proposition, which together with Proposition [15| provides
us with a method for verifying P>,[¢ U ] when A € [0,1).
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algorithm MaxV>(c,U,V) algorithm NonZeno

Z:=[true] Z:=[true]
repeat repeat
Y:=Z Y: =2
Z:=V A z.MaxU>1 (Y, (UAY) V [z>¢]) Z:=z.MaxUx ([true], Y A [z=1])
until Z=Y untilZ=Y
return Z return Z;

Figure 6: MaxV>1(c,U, V) and NonZeno algorithms

Proposition 16 For any probabilistic timed automata PTA, corresponding timed probabilistic
system TPS = (S, Steps, L), s € S, formula clock valuation £ € RIZ! and PTCTL formulae

¢,
Psg (@ V ¥) =pig (Y U =Palp V ¢]).

Proof. Consider any PTCTL formulae ¢ and 1 and let Apax be an adversary such that for
any s, € S x RIZl:

PR U (A §) V =Pt [D(=pAp)]) = e (1 U (1 A1) V =Py [O(=pAP))

and if one reaches any s, £’ satisfying =P1[0(—-¢pAY)], then Ap.x behaves like the adversary
A for which:

Po (0 (oAY) = P (O(gAY)) =1
since §', &’ = = P-1[0(—=¢pA)]. Note that, this adversary is well defined (and divergent) since
for any adversary A, once a state satisfying =P1[0(—¢A)] is reached, the behaviour of A has

no influence on the probability of satisfaction of the formula 1 U (¢ A1) V =P1[O(=pAD)].
Furthermore, for any s',&’ such that p@#*(0(—=¢ A ¢)) = 1, the fact that there exists an
adversary A such that pﬁg(D(ﬂgt A1) = 1 follows from Proposition

Now, since for any s,€ € S x RIZl and A € Advtps we have péS(D (mpAY)) = 1 if and
only if w, & = O (=¢pAY) for all w € Pathﬁl(t), it follows from the construction of Anax that,
for any s,€ € S x RIZ| and path w € Pathpr=(s), if w,€ = ¢ U (¢ A ) V =P [D(=pA)],

U

then w,& |= ¢ V 1. Therefore, for all s,& € S x RIZl:

PR (W U (¢ A ) V ~Pa[D(=oAP)]) < pilp™ (o V ),

and hence, by the definition of Ay, it follows that
Pag (Y U (6 A )V =P [D(=pA)]) < pIF (0 V ¢) ¥s,€ € S x RIZL (9)

On the other hand, from Lemma [12{ and the fact that for any s, & € S x RIZl and adversary
A: p’:g(D(ﬁgb/\@Z))) = 1 implies s,€ E —P<1[0(-¢pAY)] we have for any adversary A and
5, € SxRIZL pég(w U (Y AY)V =P [0(—pAY)]) = pﬁgw V 1), and hence it follows that:

PEEW U (9 AY)V ~Paa[D(=o/)]) = Pig (¢ V 9b) Vs, € € S x RIZL. (10)
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Combining @ and we have:
PEE W U (6 AY) V =Pa[D(=gAY)]) = pig (¢ V ¥) Vs, € € § x RIZL. (11)

Now using we have s,€ = Py U (¢ NY) V =P [O(—pAY)]] if and only if s, & |=
~P-1[¢p V ¥], and since for any formulae 6y,6; and s,& € S x RIZl:

Pse (61 U O2) = pge™ (61 U =P<1[01 U 62]),
using again, we have:
Pog (W UPalpV¢]) =p5(o V).

as required. O
Combining the above results, we set Until([8], [], > A) to:

e [true] \ MaxVxi(c, [-¢], [-¢]) if Z = > and A=0;

o [true] \ MaxUso([-], MaxVzi(c, [-¢], [-¥])) if 2 = > and A=L;

o [true] \ MaxU([-¢], MaxV>i(c, [-¢], [-¢]), = 1-A) if 2 = > and X € (0,1);

o [true] \ MaxU([~4], MaxVsy (¢, [~¢], [<]), > 1=A) if > = > and A € (0, 1).

4.4 Checking Non-Zenoness

We now consider how to check that the probabilistic timed automaton under study is non-
zeno. In the non-probabilistic case checking non-zenoness corresponds to finding the greatest
fixpoint vX.(z.(true U ((2=1)AX))). For probabilistic timed automata, we can replace
3 with =P<1[], i.e replace ‘there exists a path that reaches (z=1) A X’ with ‘there exists
an adversary which reaches (z=1) A X with probability 1’. Following this approach, the
algorithm for calculating the set of non-zeno states is given in Figure[6] A probabilistic timed
automata is then non-zeno if and only if the algorithm NonZeno returns the set of symbolic
states [true]. Formally, we have the following proposition.

Proposition 17 A probabilistic timed automaton PTA is non-zeno if and only if { (I, inv(l) |l €
L} equals the fizpoint vX.(z.—P<iftrue U ((2=1) A X)]).

Proof. Consider any probabilistic timed automata PTA and suppose that PSpta = (.5, Steps, L)
is the corresponding timed probabilistic system. To ease notation we let:

Sn,={s€S | ProbHw € Pathj‘%l(s) |w is divergent} = 1 for some adversary A }.

We prove the proposition by showing that:
1. the set Sy, is a fixpoint of Gn,(+);

2. if Guy(Y) =Y, then Y C Sy,
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target set (tprep.yjrz(Z))

(sr,z>6) (si,z<3Az=x + 3) (di,z<2Nz2x + 4)
TO.QL’) T0.0E)
0.05
(si,2<x<3N2>6) (si, 2<2<3N223) (si,2<x<3)
(di, 1<x<2A2>6) (di, 1<1:<2/\z>3 (di, 1<2<2)

Figure 7: Probabilistic system PS generated by the algorithm MaxU

where Gy, (X) = z.=Psi[true U (2=1) A X]. First, Sp, C Gns(Snz), and therefore to prove
Shz 18 a fixpoint of Gy, it remains to show that Sy, 2O Gy, (Syz). Considering any s € Gp,(Sn,),
by definition of Gy, there exists an adversary A under which, with probability 1, from s one
reaches a state in Sy, after 1 time unit. Therefore considering the adversary which behaves
as A except that when a state in S, is reached, and in such a case the adversary lets time
diverge with probability 1 (such choices exists by the definition of S,,). It follows that, under
this adversary, time diverges from s with probability 1, and hence s € S}, as required.

It therefore remains to show that, if Gy,(Y) = Y, then Y C S,, which we prove by
contradiction. Therefore, suppose that there exists Y such that Gy, (Y) =Y and Y D Sy,.
Now, by definition of Sy, if s € Y \ Sy, there does not exist an adversary for which time
diverges from s with probability 1. However, since Gy,(Y) =Y, there exists an adversary for
which with probability 1 one reaches a state in Y after 1 time unit. Iterating this fact, we
have that for any n € N, there exists an adversary which with probability 1 reaches a state
in Y after n time units. Therefore s € S, which is a contradiction. O

Similarly to [HNSY94], the algorithm can be used to convert a ‘zeno’ probabilistic timed
automaton into a non-zeno automaton by strengthening invariants. More precisely, supposing
NonZeno returns Z, we can construct a new invariant condition by letting invn,(l) = ¢ for
each location [ of the automaton under study.

4.5 Example

We now return to the PTA in Figure [I| and verify the property z.P<x[¢ U 1], where ¢ = true
and ¢ = (sr A 2<6), which involves computing the set of states for which minimal probability
of a message being correctly delivered before 6 time units have elapsed is greater than A.
In particular, we consider this minimum probability when starting from the location di with
the clock x equal to 0. In particular, we consider the minimum probability of correctly
delivering before 6 time units have elapsed starting from the location di with the clock x
equal to 0. In this example, we do not distinguish between the name of a location and the
atomic proposition with which it is labelled. According to our methodology, the set of states
satisfying P=[¢ U 1] is given by the following set of symbolic states:

[true] \ MaxU([-¢], MaxV1 (¢, [=¢], [-¢]), > 1-2) .
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Next, applying MaxU([—%],Z,> 1—\) returns the probabilistic system PS given in Figure
(for details on the computations performed by MaxU see Appendix @[), from which we find
that, using Proposition starting from di with = equal to 0, the maximum probability of
satisfying —¢ U (—=P<1[—¢ V —)]) is 0.005 (corresponding to the maximum probability for
(di, 1<x<2) in PS). Therefore, using Proposition starting from di with z equal to 0, the
minimum probability of correctly delivering before 6 time units have elapsed is 1—-0.005 =
0.995.

5 Conclusions

We have presented the theoretical foundations for the symbolic model-checking of probabilistic
timed automata and PTCTL. For quantitative formulas, our algorithm is expensive, as, in
the worst case, the MaxU algorithm constructs a powerset of the region graph, which itself
is exponential in the largest constant used in zones and number of clocks. However, we
expect this case to arise rarely in practice. Note that we do not construct a partition of the
state space, but rather a set of overlapping symbolic states to avoid potentially expensive
disjunction operations on zones within MaxU. Future work will address the implementation
of the presented algorithms, and adaptations to probabilistic polyhedral hybrid automata and
symbolic probabilistic systems [KNSO1].

Finally, observe that many of the results are relevant to other verification methods for
probabilistic timed automata, for example algorithms based on a quantitative predecessor
operation [dAQ3]; in particular, the key result on nesting a qualitative operator inside a
quantitative operator to deal with time divergence when computing minimum probabilities
also holds in this context.
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A Proof of Proposition

Before we give the proof we require a number of definitions and lemmas. First, for any
adversary A of a probabilistic timed automaton PTA we introduce the sequence of functions
(UA),en. Intuitively, for s,€ € SxRIZI, the value UA(¢, v, s,E) equals the probability of
reaching from s, &, under the adversary A, a state which satisfies ¢ in at most n discrete
transitions, while passing through only ¢ states. Since adversaries can choose on the basis of
history, we define U,‘;‘ over paths, then restrict to the case of states (paths of length 0).

Definition 18 Let PTA be a probabilistic timed automaton and TPS the corresponding timed
probabilistic system. For any PTCTL formulae ¢,v, adversary A € Advrps, € € RIZl and
finite path w € Pathﬁ‘n where last(w) = (I,v) and A(w) = (t, p):

e ift > 0, p = pgure and there exists t' < t such that (I,v+t"),E+t" = ¢ and
(Lvt"), E+" = ¢V Y for all " < t', then UMb, 1, (1,v),8) = 1;

e clse if t =0 and (I,v),E = 1, then U@“((;S,q/},w,é') =1;

e otherwise, UM (d,1,w,E) = 0.

and for any n > 0:

o ift > 0, i = pgate and there exists t' < t such that (I,v+t'),E+t" = ¢ and
(Lo+t"),E+t" = oV o for allt” <V, then Ui (¢, 9, w,E) = 1;

o clseif t 20, p = pigopqqy and (Lv+t'),E+1 |E ¢ N for allt <t, then

UL (6,0,w,E) = U (¢, 00,0 25 (1, 0+t), E41)
e clse if t =0 and (I,v),E = ¢ N, then

U4, (¢, 0,w,E) = ) z) Qu(l’w’) CUA (b, w 2B (I,01), E)
IRVBIS

e otherwise, let Uﬁﬂ(qﬁ,d),w,é’) =0.

Lemma 19 For any probabilistic timed automaton PTA, corresponding timed probabilistic
system PS, A € Advtps, s,€ € SxRIZl and PTCTL formulae ¢ and v: the sequence
(UA(p,9,5,E))nen is an increasing in [0,1] and converges to pf’g(gb U).

Next, for any adversary B of a probabilistic system PS, we define a sequence of functions
(RB),.cn, where RE(F, s) equals the probability, of reaching, from s under the adversary B,
a state in F' in at most n steps.

Definition 20 Let PS = (S, Steps, L') be a probabilistic system PS. For any subset of states
F, adversary B € Advps and m € Pathﬁn, if last(m) = s and B(m) = p, let:

1 ifseF
B _
Ry (F,m) = { 0 otherwise
and for anyn > 0:
5 1 ifseF
Roa(Fm) = S p(s)-RE(F,r L s')  otherwise.
s'esS
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Lemma 21 For any probabilistic system PS = (S, Steps, L), adversary B € Advps, state
s € S and subset of states F C S: (RE(F,s))nen is an increasing sequence in [0,1] which
converges to MaxProbReach(s, F').

We are now in a position to prove Proposition [14] which states:

For any probabilistic timed automaton PTA and PTCTL formula P<y[¢ U ], if PS = (Z, Steps)
is the probabilistic system generated by MaxU([¢], [¢], > \) then for any s,€ € S x RIZ!:

o PIF (¢ U P)>0 if and only if 5,E € tprepyyyy(2);

° zfpf;}gx(gb U )>0, then p?gx(qb U 1) equals

max {MaxProbReach(z,tprewvwﬂ [¥]) |z € Z and 5,& € tprepyyyy (z)} :
Proof of Proposition We split the proof into proving a sequence of properties: (a),
(b), (c) and (d). First consider the following:

(a) If (z,(X,1'),2') € B4, and (I,v),€ € z, then (I,v),€ | ¢ V¢, v>inv(l), v> g, and
(I',v[X:=0]), & € tpregyyyy(2)-

The result follows from the definition of dpre and tpre. Next we prove that the following
condition holds.

(b) For any s,& € SxRIZ, pee (¢ U ) >0 if and only if s, & € tpregyyy(2).

The proof follows by induction on the shortest path to reach a state satisfying 1 passing
through only ¢ states.

The main step in the proof involves showing the following correspondence between the values
of U;? for A € Advtps and RZ for B € Advps, for all n € N.

(c) For any B € Advps,, z € Z and (I,v),& € tprepyyy)(2z), there exists A € Advtps such
that: Ug, (¢, ¥, (I,v),€) = RE (tpregyyy[¥], 2).

(d) For any A € Advtps and (I,v),€ € SxRIZI if Py e(@U ) >0, thenz € Z and B €
Advps, such that (1,v),E € tprepy,(2z) and Rf(tprewvwﬂ [v],2) = U g, v, (1,v),E).

It follows from (b), Lemma [19] and Lemma [21| that to prove Proposition [14]it is sufficient to
show that (c¢) and (d) hold. We now prove (c) and (d) by induction on n € N.

Proof of (c). Consider any B € Advps,, z € Z and (,v),& € tpregyyy)(z). If n =0, then by
Definition [20] we have the following two cases to consider.

o If Rg(tprewvwﬂ [+],2) = 1, then z € tprepy, 1 [¢] and by definition of tpre there exists
t € R such that (I,v+t),E+t = ¢ and ([,v+t),E4+t" = ¢ V¢ for all ¢/ < ¢/, therefore
letting A be the adversary such that A(l,v) = (¢, (4+)), it follows that:

Uéo(% Y, (Lv),E) = Ué‘(gb, Y, (Lv),E)=1= ROB(tprewvw]] [¥],2).
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o If R(])B(tpre[[(z,vﬂ [¢],z) = 0, then choosing any A € Advtps we have:
ULo(6, . (1,0).€) = U (9,9, (1,0), ) > 0 = R (tprepguq [¥], ) -

Next, suppose that (c) holds for some n € N and consider U‘Q“(nﬂ)(qb,zb, (l,v),€). If z €
tprepgyy ([¥]) the result follows as in the case for n = 0. We are therefore left to consider the

case when z & tprepg, ([¢])-

By construction, B(z) = p for some (z,p) € Steps, and from the construction of PSz, there

exists (I,9,p) € prob and set of edges E, C E(, ) such that for any z € Z:

pZ)=" > pX0).

(Z)(le/)’ZI)EEP

If B’ is the adversary such that RZ’ (tpregovyy [¥],2') = Rf(tpre[[(bvw]] [v],z £ 2'), then from
Definition [20] and the construction of p we have:

R, (tprepgyy[¥]2) = Y p(2) - RE (tprepyy g [¥]. 2')

z/'€Z

= Yo pX) - RY (tprepgyy [¢].2). (12)
(2 (X0)2)€E,

Since (1,v),E € tprefsyy(2), it follows that there exists ¢ € R such that (I,0+1),E+t € z
and ((I,v), (t,0@041))) € prob. Now, for any (z,(X,l'),2') € E, using (a) we have that
(', (v+1)[X:=0]), E+t € tprepyyy(2'). Therefore, by induction, for any e = (z, (X, '), 2') € E,
there exists A, € Advtps such that:
Use (6,9, (I, (041)[X:=0]), € + 1) = Ry (tprepyyy[¢], 2) - (13)
Let A € Advtps be the adversary such that
s A(L”) = (t75(l,v+t));
A t’é(l,U‘Ft) _ 7 .
o (l,v) ——= (I,v+t) ) = (0, up) where for any (I',) € S:
:U‘p(l,ﬂ-/) = Z p(Xa ll)v

XCXxX &
v'=(v+¢)[X:=0]

e for any e = (z,(X,l'),2) € E,:

A <(l,v) B0 (g et [ Xi=0]) 25 (1, (v1) [X::O])> = A°(I', (v+1)[X:=0]) .
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Note that, the existence of the above distributions follows from Definition [7} It then follows
from Definition [[8 and the construction of A that:

U (6,60, 6) = 30 p(X, 1) - U (6,06, (1, (0+)[X:=0]), E+4)
(X,l")€edges(p)

> Z p(X,0)-U A(Xl )((;5 ¥, (I, (v+t)[X:=0]),E+t) by definition of E,
(z,(X,I"),2")€E,

> p(X, ') - RE (tpregyyy [¥1],2) by
(z,(X,l’),z’)EEp
= RE+1(tPre[[¢vw]] [¥],=z) by

and since z and B are arbitrary, (c) holds by induction.

Proof of (d). Consider any A € Advtps and (I,v),E € SxRIZ! such that p”lla’ig(qb Up) >
If n = 0, then by Definition [18] we have the following two cases to consider.

o If Ui (4,9, (1,v),E) = 1, then there exists ¢ € R such that (I,v+t),E+t = ¢ and
(Lv+t'),E+t = ¢ Vo for all ' < t. By definition of tpre it follows that (I,v),& €
tpregsvyp Y], and hence

RE (tpreggyyp[¥], 2) = 1 = Ug(e, ¢, (1,v),E).

o If Uf (¢, %, (I,v),E) = 0, then the result follows by choosing any B € Advps, and z € Z
such that (I,v),& € tpregsy(2) (the existence of z follows from (b)).

Now suppose that (d) holds from some n € N. If U4, (¢, (l,v),€) = 0, then the re-
sult follows as in the case when n = 0. It therefore remains to consider the case when

U2, (¢, 1, (1,0), ) > 0 and from Definition [18| we have the following cases to consider.

o If A(l,v) = (t,0(,p4¢)) such that (I,v+t),E4+t = ¢ and (I,v+t),E+ | ¢ V 4 for all
t' < t the result follows similarly to when n = 0.

o If A(l,v) = (t,0(,p4+)) such that (I,v+t'),E+t' |= ¢ A = for all ¢’ < ¢, then

Uiy 1(6,0, (1,0),€) = U (¢, b, (1, v+t), E+t) .

and the result follows by induction and Lemma

o If A(l,v) = (0, ), then by Definition |18 we have:

U200, (L0),8) = > u(l, ) - U e, 0, (Lv) 2 (I',0),€)

(I v')eS

and (I,v), & | ¢AY. Now, from Definition |7}, there exists (I, g,p) € prob such that vi>g
and for any (I',v') € S:

:u(llv Ul) = E p(X, l/) :
XCX &
v/ =v[X:=0]
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Letting AY>%) be the adversary such that AYX) (', v[X:=0]) = A((l,v) LN (', v[X:=0])),
it follows from above that:

UL (6,6, (L0),8) = S p(x1) - UA Y (6,0, (1, 0] X:=0)), €) (14)

(X,l")€support(p)

Now consider any (I, X) € support(p) such that Uﬁ(l/’x)(l’,v[X::()]),é’) > 0, then by
definition (I, g, p, X,!') € edges and by induction and Lemmathere exists (I', ¢}, ) € Z
and adversary B®.X) guch that

REY (tprepyy g [0], (U, G x)) = U (6,0, (1 0] X:=0]), €) (15)
and (I', v[X:=0]), € € tprefgyy)(I', ( x ). Letting:

(l, <l’ X) = dpre((lvgap7 X? l/)7tpre[[q§\/¢v]] (l,v Cl,’ ))7

since (1,v), & = ¢ A1, it follows that ((I, G x). (X, 1), (', Gy x)) € Eugp), (LCrx) €Z
and (I,v),€ € (I,{r x). Therefore, from the constructlon of PS setting z equal to:

(1. MGrox | (1, X) € support(p) and pfiy._g)¢(@ U %) > 0})

we have z € Z and (I,v) € z. Furthermore, by construction of PS there exists (z, p) €
Steps such that for any z’ € Z:

p(z) > > p(X,1). (16)
(U, X)€support(p), ¢'=¢y x
& UA (¢, (I [ X:=0]),E)>0

Now, setting B to be the adversary of PS such that B(z) = p and B(z 2z (r, <l/’,X)) =
B(l/’X)(l/, Cll’,X)’ by Definition we have:

Ry (tprepgyyg[0],2) = D p(2)) - Ry (tprepgyy W], 2 & 2)

z/'e€z

2 Z p(S, X) ’ Rf (tpre[[¢v¢]] [[QM]’ z £ (l/7 gl/’7X)) by "
(I, X)€esupport(p) &
UA (I v[X:=0]),E)>0

= Z p(s, X) - RE”I’X) (tpregsvyp[¥], (I'; ¢l x)) by construction
(I’,X)€esupport(p) &
UA (I v[X:=0)),£)>0

S s, X)-UA (6,0, (1, 0[X:=0]), €) by (I5)

(V',X)esupport(p) &
UA (' w[X:=0]),E)>0

WV

= Z p(s, X) - Ufl‘(l . (9,9, (I,v[X:=0]), &) rearranging
(I',X)€esupport(p)
= U (6,9, (Lv),€) by (L4).
Since these are all the cases to consider (d) holds by induction as required. O
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B MaxVs(c, [false], [sivdiVz>6])

Z := [true]
repeat
Y:=12Z
Z:= [sivdivz26] A y.MaxUs1 (Y, ([false] A Y)V[y>c])
= [sivdivz>6] A y.MaxU ; ([true], [y>c])
= [sivdivz>6]
Y:=12Z
Z := [sivdiVz26] A y.MaxUx 1 (Y, ([false] A Y)V[y>c])
= [sivdivz2>6] A y.MaxU1 (Y, [y>c])
= [sivdivz26] A y.{(sr, 226Vy>c), (si, e <BA (222 +3Vy>z+c—3)), (di, s<L2A (2 22+4Vy>ac+c—2))}
= {(sr, 226), (si, s<3A(z2x+3Va<3—c)), (di, t<2A(z 2z +4Ve<2—c))}
Y: =12

Z := [sivdivz>6] A y.MaxUs 1 (Y, ([false] A Y)V[y>c])
= [sivdivz2=6] A y.MaxUs1 (Y, [y>c])
= [sivdivz>6] A y.{(sr, 226Vy>c), (si, <3N (2 22+3Vy>cVy>z+2-¢—3)), (di, s <2A(2 2z +4Vy>cVy>a+2-c—2))
= {(sr, 226), (si, t<3N(222+3Ve<3—2-¢)), (di, <2 A (222+4Ve<2—2-¢))

repeating n — 2 times such that n-c > 3 and (n—1)-c < 3 (which exists as ¢> 0)

Y:=2Z
Z := [sivdiVz26] A y.MaxUx (Y, ([false] A Y)V[y>c])
= [sivdivz2>6] A y.MaxU1 (Y, [y>c])
= [sivdivz26] A y.{(sr, 226Vy>c), (si, e <BA (222 +3Vy>cVy>z+n-c—3)), (di, e 2N (222 +4Vy>cVy>z+n-c—2)) }
= {(sr, 226), (si, z<3A(z2z+3Vx<3—n-c)), (di, s <2A (2 2z +4Ve<2—n-c))}
= {(sr, 226), (si, t<3Az>2+3), (di, t<2Nz2x+4) }

endrepeat
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C  MaxUs([sivdivz=6], [y>c])

Zo := [true]
repeat

Yo = Zo
Zy := [false]
repeat

Y1 : =724
Zy = [y>c]V([sivdivz=6] A prel(Yo,Y1)) = [y>c]V([sivdivz>6] A [false])
21 = ZIVPre[gvdivas6]v[y>c] (YoAY1) = ZiV[false] = [y>c]

Y1 = 21

Zy := [y>c]V([sivdivz=6] A prel(Yo, Y1)) = [y>c]V([sivdivzZ6]A{(si, 2<z <3Ay>c), (di, 1<z <2Ay>0)})

21 1= ZIVEPre[vdiv > 6] v [y >c] (YoAY1) = ZiV{(sr, 226Vy>c), (si, 2 <Ay >z+(c—3)), (di, 22Ny >a+(c~2)) }
= {(sr, 226Vy>c), (si, s<BAy>z+(c—3)), (di, s <L2AYy >x+(c—2)) }

Y1 : =724
Zy = [y>c]V([sivdivz=6] A prel(Yo,Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z <3 A (y>c—3V2z26)), (di, 1<z <2 A (y>c—3V226))})
Z1 1= ZIVEPre[sivdivaz 6] v [y>c] (YoAY1) = Z1V{(sr, 226Vy>c), (si, 2<3Ay>z+(c—3)), (di, 22Ny >a+(c—2)) }
= {(sr, 226Vy>c), (si, (2<z <3 A (y>c—3V226))V(z<3 A y>z+(c—3)),
(di, (1<e<2 A (y>c—3V226))V (<2 A y>a+(c—2))}

Y1 = Z1
Zy = [y>c]V([sivdivz=6] A prel(Yo,Y1))
= [y>c]Vv([sivdivz>6] A {(si,2<z<3 A (y>c—3V226)), (di, 1<e<2 A (y>c—3V226))})
Zy 1= ZIVEPre[givdiv 6] v [y>c] (YoAY1)
= Z1V{(sr, 226Vy>c), (si, <3 A (y>z+c—6Vz22+3), (di, <2 A (y>a+c—5Vz2e+4))}
= {(sr, 226Vy>c), (si,z<3 A (y>z+c—6Vz2z+3), (di, <2 A (y>x+c—5Vz>z+4))}

Y1 : =724
Zy := [y>c]V([sivdivz=6] A prel(Yo, Y1))
ly>c]Vv([sivdivz=6] A {(si,2<z<3 A (y>c—6V223)), (di, 1<z<2 A (y>c—6V223))})
Z1 1= ZIVEPre[sivdiv 6] v [y>c] (YoAY1)
= 21 V{(sr, 226Vy>c), (si, <3 A (y>z+c—6Vz2z+3), (di, <2 A (y>x+c—5Vz>r+4))}
= {(sr, 226Vy>c), (si, 2<e <3 A (y>c—6V223)))V(z<3 A (y>z+c—6Vz2a+3))),
(di, (1<z<2 A (y>c—6V223))V(z<2 A (y>z+c—5Vz>z+4)))}

Y1 : =724
Zy = [y>c]V([sivdivz>6] A prel(Yo,Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z <3 A (y>c—6V223)), (di, 1<z <2 A (y>c—6V223))})
Z1 := Z1Vipre[svdivz 6] v [y >c] (YoAY1)
= Z3V{(sr, 226Vy>c), (si, s<3 A (y>z+c—9Vz2a), (di, 2<2 A (y>z+c—8Vz2az+1))}
= {(sr, 226Vy>c), (si, z<3 A (y>z+c—9Vz2x), (di, <2 A (y>a+c—8Vz>a+1))}

Y1 = Zl
= [y>c]V([sivdivz=6] A prel(Yo,Y1))
= [y>c]v([sivdivz>6] A {(si,2<z<3), (di, 1<z<2)})
Zy 1= ZaVpre[gydivz> 6] v [y >c] (YoAY1)
= 21V{(sr, 226Vy>c), (si, z<3 A (y>z+c—9Vz2a), (di, <2 A (y>a+c—8Vz>x+1))}
= {(sr, 226Vy>c), (si, 2<z<3)V(z<3 A (y>z+c—9Vz>r))), (di, 1<z <2)V(2<2 A (y>z+c—8Ve>z+1)))}

N
B
|

Y1 : =74
Zy := [y>c]V([sivdivz=6] A prel(Yo, Y1)) = [y>c]V([sivdivz>6] A {(si,2<2<3), (di, 1<z <2)})
Zy 1= ZIVEPre[sivdivz> 6]V [y>c] (YoAY1) = 21 V{(sr, 226Vy>c), (si, 2<3), (di, z<2)}

= {(sr, z226Vy>c), (si,2<3), (di,z<2)}

Y1 = Zl
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1)) = [y>c]V([sivdivz>6] A {(si, 2<2<3), (di, 1<z <2)})
Zy 1= ZIVEPre[sivdiva> 6] vy >c] (YoAY1) = Z1V{(sr, 226Vy>c), (si, z<3), (di, z<2)}

= {(sr, z226Vy>c), (si,x<3), (di,x<2)}

endrepeat
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Zo := {(sr, 226Vy>c), (si,z<3), (di, z<2)}

Yo = Zo
Z; := [false]
repeat
Y1 = Zl
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1)) = [y>c]V([sivdivz>6] A [false])
Z1 1= ZyVPre[gvdivzs 6] vy >c] (YoAY1) = ZiV[false] = [y>c]
Y1 : =74
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z<3Ay>c)V(di, 1<z <2AYy>c)}
Zy 1= ZIVEPre[sivdiva 6] v y>c] (YoAY1) = Zov{(sr, 226Vy>c), (si, <3Ny >a+c—3), (di, 22Ny >z +c—2)}
= {(sr, 226Vy>c), (si, s<BAy>z+c—3), (di, s<2AYy>z+c—2) }
Y1 : =724
Zy = [y>c]V([sivdivz>6] A prel(Yo,Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z<BA(226Vy>c))V(di, 1<z <2A(226Vy>c)) }
21 1= ZIVAPre[sivdiva 6] v[y>c] (YoAY1) = ZoV{(sr, 226Vy>c), (si, 2<BAy>z+c—3), (di, 22Ny >z +c—2)}
= {(sr, 226Vy>c), (si, (2<z<L3A226)V (z<3Ay>z+c—3)), (di, (1<z<2A226)V (2 <2Ay>x+c—2)) }
Y1 : =724
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1))
= [y>c]V([sivdivz=6] A {(si, 2<x <A (226Vy>c))V(di, 1<z <2A(226VYy>0)) }
Z1 := Z1Vipre[svdivz > 6] v [y >c] (YoAY1)
= 21 V{(sr, 226Vy>c), (si, s BN (z2x+3Vy>z+c—3)), (di, s<L2A (2 22+4Vy>z+c—2)) }
= {(sr, 226Vy>c), (si, e<BA(z2x+3Vy>az+c—3)), (di, 2<2 A (222+4Vy>z+c—2))}
Y1 = Zl
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z<3A(2=6Vy>c))V(di, 1<z <2A (2 26Vy>c)) }
Zy 1= ZaVpre[gydivz 6] vy >c] (YoAY1)
= 21 V{(sr, 226Vy>c), (si, e BN (z22z+3Vy>x+c—3)), (di, e<2A (2 2a+4Vy>a+c—2))}
= {(st, 226Vy>c), (si, s<BA(z=2x+3Vy>z+c—3)), (di, z<2 A (z2x+4Vy>z+c—2))}

end repeat

Zo := {(sr, 226Vy>c), (si, s<3A (222 +3Vy>a+c—3)), (di, 22 A (22z+4Vy>z+c—2))}

Yo := 2o
Zy := [false]
repeat
Y1 = 21
Zy := [y>c]V([sivdivz=6] A prel(Yo, Y1)) = [y>c]V([sivdivz>6] A [false])
Zy 1= ZIVAPre[sivdivz> 6] v]y>c] (YoAY1) = Z1V[false] = [y>c]
Y1 = Zl
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1))
= [y>c]Vv([sivdivz>6] A {(si, 2<z<3Ay>c)V(di, 1<z <2Ay>c) }
21 1= ZaViPrefsivdiv 2> 6] vy >c] (YoAY1) = ZiV{(sr, 226Vy>c), (si, s<BAy>z+c—3), (di, 2 <2AYy>T+c—2)}
= {(sr, 226Vy>c), (si, e<BAy>x+c—3), (di, t<2AYy>z+c—2) }
Y1 = Zl
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z<3A(2=6Vy>c))V(di, 1<z <2A (2 26Vy>c)) }
Zy 1= ZIVEPre[givdivzz 6] v [y>c] (YoAY1) = ZoV{(sr, 226Vy>c), (si, 2<3Ay>a+c—3), (di, 22Ay>a+c—2)}
= {(sr, 226Vy>c), (si, (2<e<3A226) V(2 <3Ay>z+c—3)), (di, (1<z<2A226)V (e <2Ay>2+c—2)) }
Y1 = Zl
Zy := [y>c]V([sivdivz>6] A prel(Yo, Y1))
= [y>c]Vv([sivdivz=6] A {(si, 2<z<3A(226Vy>c))V(di, 1<z <2A (2 26Vy>0)) }
Z1 1= Z1VIPre[gvaivz>6]v [y>c] (YoAY1)
= 21 V{(sr, 226Vy>c), (si, e BN (z22z+3Vy>z+c—3)), (di, e<L2A (2 2x+4Vy>a+c—2)) }
= {(sr, z226Vy>c), (si, <3N (z2x+3Vy>z+c—3)), (di, s<L2 A (222+4Vy>z+c—2))}
Y1 = 21
Zy := [y>c]V([sivdivz=6] A prel(Yo, Y1))
= [y>c]Vv([sivdivz>6] A {(si, 2<ze <A (226Vy>c))V(di, 1<e<2A(226Vy>c))}
Z1 := Z1Vipre[gvdivz>6] v [y >c] (YoAY1)
= Z1V{(sr, 226Vy>c), (si, e <BA(z=x+3Vy>z+c—3)), (di, s<2A (222 +4Vy>z+c—2)) }
= {(sr, 226Vy>c), (si, e<BA(22z+3Vy>ax+c—3)), (di, 2<2 A (222+4Vy>z+c—2))}

end repeat

Zo := 71

end repeat
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D MaxU([sivz=6], {(sr, 226), (si, t<3 A z=x+3), (di, <2 A z=>x+4)})

Z := {(sr, 226), (si, z<3 A z2z+3), (di,z<2 A z>z+4)}
repeat

Y:=2Z
begin for
z = (sr,z26) [two edges (from si and di) taking predecessors]
y1 = (si, 2<0 <3 A 26)
y2 = (di, ISw<2 A 226)
z = (si,z<3 A z2z+3) [two edges (from si and di) taking predecessors]
Yo = (si, 2<a<3 A 233)
Ya = (di, ISe<2 A 223)
z = (di,z<3 A 22>22+4)
[no edges]
end for
2:= {(sr, 536),
(si, <3 A z22+3), (si, 2<x <3 A 2226), (si, 2<z <3 A 2223),
(di, <2 A z>a-+4), (di, 1<z <2 A 226), (di, 1<z <2 A 223)}

Y:=2Z
begin for
z = (si,2<x <3 A 2226) [subset of target states]
z = (si, 2<e <3 A 223) [two edges (from si and di) taking predecessors]
y1= (SI,2<CE<3)
y2 = (di, 1<w<2)
z = (di, 1<z<2 A 226) [no edges]
z = (di, 1<z <2 A 223) [no edges]
end for
Z := {(sr, 226),
(si, z<3 A z22243), (si, 2<e <3 A 226), (si, 2<e <3 A 2223), (si, 2<2<3),
(di, <2 A z2z+4), (di, 1<e<2 A 226), (di, 1<z <2 A 223), (di, 1<e<2)}

Y:=12
begin for
z = (si, 2<z<3)
[two edges (from si and di) taking predecessors]
y1 = (SI,2<$<3)
Y2 = (di, 1<2<2)
z = (di, 1<z<2) [no edges]
end for
(si, z<3 A z222+3), (si, 2<2 <3 A 226), (si, 2<z <3 A 2223), (si, 2<2<3),
(di, z<2 A z2z+4), (di, 1<z <2 A 226), (di, 1<z <2 A 223), (di, 1<z<2)}

end repeat
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